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A Brief History of Al
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Thousands of Al Tools in 2023-2025
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Pattern for Agentic Applications

01 02 03
Reflection Tools use Planning
The LLM examines its own work to The LLM is given tools such as web The LLM comes up with and
come up with ways to improve it search, code execution, or any other executes, a multistep plan to
function to help it gather information, achieve a goal (for example, writing
take action, or process data an outline for an essay, then doing
online research, then writing a draft,
and so on)
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GPT 4.0 has made impressive strides over GPT 1.5

but continues to struggle in certain subjects

The following table lists the results that we visualized in the graphic.

Category

Law

Law

SAT

SAT

Graduate Record Examination (GRE)
Graduate Record Examination (GRE)
Graduate Record Examination (GRE)
Advanced Placement (AP}
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP)
Advanced Placement (AP}

Competitive Programming

Exam

Unifarm Bar Exam

LSAT

Evidence-based Reading & Writing

Math
Quantitative
Verbal

Writing

Biology

Calculus
Chemistry
Physics 2
Psychology
Statistics

English Language
English Literature

Codeforces Rating

4k

GPT-4
Percentile

90
88
93
89
80
99
54
85
43
71
66
83

85

<5

GPT-3.5
Percentile

10
40
87
70
29
63
54
62
0

22
30
83
40
14
8

<5



Measuring 01 1Q in Mensa

This site quizzes 9 Verbal & 4 Vision Als every week | Last Updated: 01:30AM EDT on September 16, 2024

IQ Test Results

Score reflects average of last 7 tests given

[Show Offline Test I[ Show Mensa NorwayJ =
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Morrage 1G
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Measuring 01 1Q in LMS arena

New OpenAl ol are excellent in Maths, Coding and Hard Tasks
ol models is a leap ahead of the competition on toughest tasks

Elo
Difference
vs GPT-40

Better than
GPT-4c
H

Comparison
to GPT-4o0

v

Worse than
GPT-40

Source: LMSYS Chatbot Arena
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Analysis by: Peter Gostev (https://www.linkedin.com/in/peter-gostev/)
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0l Learning to Reason with LLMS

Competition Math
(AIME 2024)
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ol expen
fuman

o1 greatly improves over GPT-4o on challenging reasoning benchmarks. Solld bars show pass@1 accuracy
and the shaded region shows the performance of majority vote (consensus) with 64 samples,

B0 gpt4o B olimprovement

ML Benchmark O Gk Darond)
We are introducing OpenAl 01, a new large language model trained with i o : i
reinforcement learning to perform complex reasoning. o1 thinks before it MathVista (estmini) T e
answers — it can produce a long internal chain of thought before Wﬁ;"" L m

. LU
responding to the user. e
0 20 4 66 80 100
pass@! accuracy pass@l sccuracy
Exams MMLU Categories

Our large-scale reinforcement learning algorithm teaches the model how
to think productively using its chain of thought in a highly data-efficient
training process. We have found that the performance of 01 consistently
improves with more reinforcement learning (train-time compute) and with
more time spent thinking (test-time compute). The constraints on scaling
this approach differ substantially from those of LLM pretraining, and we are
continuing to investigate them.

AP English Lang
AP Physics 2
AP English Lit
LSAT

AP Calculus

AP Chemistry
SAT EBRW

pass@1 accuracy

percent raw score

ol improves over GPT-40 on a wide range of benchmarks, including 54/57 MMLU subcategories. Seven are
shown for illustration,
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Novel Research
by an LLM.
Is it possible?

SpencerStuart

Can LLMs Generate Novel Research Ideas?
A Large-Scale Human Study with 100+ NLP Researchers
Chenglet S, Diyi Yang, Tatsunori Hashimoto
Stanford University

{cial, diyiy, thashimj@scanford.edy

Abstract
Fucomt dunm—h in large lnwuwr m-éi- IU.\L\ have sparked optimasm abut thar pdxmul ]
horade s dusarrery, witha, of poring noweanch mgents than

geectare ard \umnrnm Mas. Desspine Bis, nom.mdmmmuhmu That LLM seshemis oo take: the s-rl\
nnlnp of praductng rovel, rqvnhul du\ Itakme patmn the ervtre semearch pencrs. Vet bl ress thes by
% deign whie pontndieg Joe urfirendre
dntd presf Ihvlnl‘- dbohead hw\\nnwnhll’nmnhnwle\!hluImupul
By recruising over m\\ll‘m«nh«»wm warv e hders and N oeviewes of Doth LIM aod hamos ideas,
wo obriabn the tirt statisscally stgedfloant conclustom on curment LLM cagalribtles for resonorh dewton: we
find LLM-gerorated uu..m.ma aw oo o (a 1000 tha burmen iogpert ichets w e being padpod
sigghtly vaker on & 5 g cur iggent basclives chmad i we identalfy cpun prrobikoene m buikbing and
evaleiing research agunts, lmhmn‘.mlumoﬂledv«.\fumm and hedr lack of diversity in generation
Frnally, wr acknowdedge that bramuan ped gemenns of ravelty can be didscult, even by esperts, and propos
2 end-ao-end study dexggn which meniis nmwsecherns to esecstn thew sdoss into ull progects, emabling us to
stady whethier these noasdty iesdd feaslelity fod garmetbs sewel in measirg ol diflerenses o1 nsans ostions: ‘

1 Introduction

The rapid smpeovement of LLMs, especially m capabilities like knowl ',,. and irg, has enabled
many tew applcations in scentific tasks, such as solving challengi al problems {Trink
el al, 2004}, assisting scientists in writing proofs (Callins et al, )IZJ). retrieving mhlxd warks {(Ajth
etal, 2024, Press ot al,, 2024), generating code 1o sobve analytical or computational tasks (Huang ot al
2024, Tian ot al, 2024), arwd disconenng patterns in lange text coepora (Lam et al, 2024, Zhong et 2l
23}, While these ane useful applications that can p ially increase the productivity of nescorchers,
it remiains an open guestion whether LLMs can take oo the moee creative and chalenging parts of
the research process

W focus am this probsken of measaring, the nsesech Aestion capabilities of LLMs and ask. are curent
LIMs capable of generatieg novel kleas that ane comparable to expert b ? Although ideation
is only one part of the reseanch process, this is 4 key quisstion to snswaer, is it s the very first step 1o the
scientific research process and serves a5  litmus test for the possability ohu'mumvm research agents
that create theirown ideas. Evaluating expert-leved capabilities of LLM 5 ischallengmg (Hlakhty

Blind Rwview by Rxperts (N=79)

7NLP

T | Condimon 11 Muman sdmas (N-45

i

Faosey] | Condison2: Al eas (M543 ‘
Wathegid - -——
Factialtty

W A

 Candition 3 Alkdras + WMJ

Figure 1: Overview of our study: we recruit 79 expert researchers to perform blind review of 49 ideas
from each of the three conditions: expert-written ideas, Al-generated ideas, and Al-generated ideas
reranked by a human expert. We standardize the format and style of ideas from all conditions before
the blind review. We find Al ideas are judged as significantly more novel than human ideas (p < 0.05).
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Figure 2: Comparison of the three experiment conditions across all review metrics, Red asterisks
indicate that the condition is statistically better than the Human baseline with two-tailed Welch's t-tests
and Bonferroni correction. All scores are on a 1 to 10 scale. More detailed results are in Section 5.

6 Sep 2024
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Comparing Physician and Artificial Intelligence Chatbot Responses to

Patient Questions

Figure. Distribution of Average Quality and Empathy Ratings for Chatbot and Physician Responses to Patient Questions
| 8] Empathy ratings

@ Quality ratings
Chatbot
Physicians
|
|
= \ > Physicians Chatbot /\/ \
v} | '@
c | = \ \
8 = / / \__ £
Very Poor Acceptable Good Very Not Slightly Moderately Empathetic Very
poar good empathetic empathetic empathetic empathetic
Response options Response options
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HOW TO CREATE AN
Al-POWERED COMPANY
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The Rise and Fall

The Nasdag Composite Index, daily close

15, 1997

Nov. 13, 1998
April 12, 1996

3000 Yahoo's stock pnce more
than doubles its first day
as a public company to
close at $33 (equivalent
of $1.38 today,

2000 split-adjusted.)

goes public and

at $63.50

1000

Dec. 5, 1996
Alan Greenspan wams of
“irrational exuberance.”

Stock of thegiobe,.com

606% that day, closing

March 10, 2000
Nasdaq sets all-time
closing high of
5048.62.

Jan. 10,2000 AOL

5000 Amazon.com goes agrees 10 pay $156 Sept. 8, 2004 Former
public at $18 a shar billlan In stock for Time imvestment banker Frank
(equivalent of $1.50 Wamer, the April 23, 2001 Quattrone gets 18 months
today, sphit-adjusted) second-largest Theglobe.com Is in jail for obstructing an IPO
4000 and rises 31% thatfay,  acquisition ever. delisted; stock closes probe.

at 16 cents

soars Oct. 9, 2002 Nasdag

hits a bear-market low
Dec. 9, 1999 of 1114.11.
VA Linux
Systems goes
public and gains
E98% that day.
Dec. 16,1998

Analyst Henry Blodget says
Amazon stock, then below
$250, will hit $400 Jan. 14, 2000

withia a year; " The Dow Jones Industrial Average
does, within weeks. peaks at 11722.98

2070.61

Aug. 19, 2004
Google goes public; and
closes up 18% that day.

Source: WSl Manel Data Group

Friday's close:

1995 1996 1997 1998
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How to create an Al-powered company

Technology Skills
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How to create an Al-powered company

(_staeyy )
Technology Skills
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Value creation in the 3rd Millenium Economy

First, becoming AI-POWERED means associating your core strategy and competitiveness with the usage of data and Al.
Your strategy must be underpinned by a thorough, up-to-date data acquisition strategy. After all, Al is intelligence derived
from data. So, data should be your very first focus for becoming AI-POWERED.

STAKEHOLDERS EXPERIENCE

ECOSYSTEM NETWORK OPENNESS CO-CREATION

PLATFORM

Spencerstuart PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.
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The ethics . @, fal &
of Al begins with

Strong Principles

Fairness Reliability Privacy & Inclusiveness
& Safety Security

@ Accountability

SpencerStuart



Putting Responsible Al into practice: A Holistic View

 Create ethicist roles and ethics training
» Define principles and a code of ethics
* Implement a governance model

» Advocate from the top, at all layers

Principles

Spencerstuart PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.
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How to create an Al-powered company

(Processes )
Technology Skills
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Al — The New Electricity

180

160 CAGR of 2.5% over

15 years (1915 - 1930)

Productivity Surge

140
1913 - Ford’s Assembly

Line Begins Operation
120 | CAGR of 1.16% over A
25 years (1890 - 1915)

100 [x
' 1915=100

Labor Productivity

80

60

40

1890 1900 1920 1930

Year )




How to create an Al-powered company

| Technology ' Skills
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How to create an Al-powered company

Technology Skills
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As experts In talent
placement, we see
four keys to success
for data & analytics
leadership in
organizations

SpencerStuart

More Engineering-centered Org
» Sustained focus on acquiring top engineering talent

» Data-POWERED transformations demand modern engineering more than analytical modelling
» Insufficient engineering capabilities result in 80% of analysts' work being data clean-up
» Adequate engineering capacity amplifies the impact of a few PhD mathematicians

Organizational Product Focus
» Product management in data/analytics enhances project prioritization and engagement

» It ensures representation of various disciplines in all new analytical development, fostering
business partners' ownership and engagement

» Small scale POC and ad-hoc analysis remain important, but major wins rely on scalable data
science products

Data & Al Take the Lead on Organization Design
» Al leaders define new work types and models, promote learning especially with GenAl and LLMs

» They encourage change, reward experimentation and measured risk-taking
» They are accountable for value creation and risk management
» Effective leaders leverage the existing organization's culture

Centralized/ Integrated Organizational Models
» Successful companies balance centralized capability building and federated delivery

» A central capacity is necessary for mature data science capabilities, aligning central teams with
business lines and stakeholders

» Data leaders' reporting lines are shifting towards business leaders on the ELT, moving away from
technology



Chief Information Officer

Responsible for IT
infrastructure, databases
(system “owner”)

Technical view of data, IT
and “digital” aspects

Al-driven Organization

Chief Data Officer

Responsible for
organization-wide data
management

Functional (and partly
technical) view regarding
data flow; gatekeeper of

Chief Protection Officer

Responsible for general
data privacy (GDPR)

Monitors system
compliance with data
privacy requirements,
performs data audits and

Chief Digital Officer

Responsible for digital
change in the company

Creation and use of digital
products and processes
(obsolete in case of
successful transformation)

single point of truth and
documentation

Examples for the scope of the CDO (further details follow)
Designs vary (depending on understanding and sector/company)

reports the results

Individual DG disciplines, Missionary/ambassador Business value

e.g. data management and quality

Overall data governance
responsibility
Control and development of

guideline and implementation after
management approval

Intelligent, value-added-oriented
use of data and gaining
knowledge from them; change

Advisor and guide for top
management and employees
>> Increase visibility and raise
awareness of data in the from regulatory requirements and
company (multiplier and role compliance to the creation of
model) business value

For example, to avoid negative
effects of insufficient data quality

PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.
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What structure suits your Al team best?

B Centralized
Excel in efficiency and expertise concentration
but lead to bottlenecks and knowledge siloing

.E AUTONOMY

fE : X

@_ FLEXIBILITY - EFFICIENCY

/ CoE \

Gd A8 &85 A4 A4 /
S&d A48 288 S8&8 &A&  NnNOvATION ENGA$EMEN
(0)) Efficiency: A single, dedicated team to streamline Al project development
;_U| and deployment across the organization. Ideal to drive excellence for
m mature capabilities
% Expertise Concentration: Pools top talent, fostering specialized skills
kv and deep Al expertise
T

Standardization: Ensures consistency in Al practices, facilitation of
access and sharing of data and technologies across different departments

Strategy: Aids the efforts of BUs by offering synergies and advantages of
scaling according to a strategic roadmap

Bottlenecks: Tends to be overwhelmed with requests from various BUs,
leading to delays and limited accessibility

Knowledge Siloing: May result in isolate Al knowledge within the team,
reducing broader organizational learning. May result in detachment from
market trends.

Autonomy: Lack decision-making power and does not manage a new BU
or responsibility for P&L

SpercerStuart

B Decentralized

Offer innovation and autonomy but can suffer from
inconsistency and resource duplication

AUTONOMY

/\

s /3

aon an FLEXIBILITY EFFICIENCY
I fu&&ﬁ\:\. aa

&8 ad aa i

oidh 8.8 8 Bad INNOVATION ENGAGEMEN

T

Autonomy: Each department with their own Al team enables tailored
solutions and responsiveness to specific needs

Innovation: Lead to a variety of approaches and experiments with
different Al technologies and methods

Engagement: The team often has developed naturally, and direct
involvement can increase buy-in and interest in Al throughout the
organization

Inconsistency: Varied levels of competence and approaches across
teams can lead to disparities in Al project success.

Resource Duplication: May result in unnecessarily duplicate tools,
platforms, and talent.

Isolation: Solutions developed often lack transferability and applicability
across the organization. Result in a lack of priority alignment and no
ownership of corporate agenda.

Hybrid

Balance the benefits of centralized and decentralized structures
but require careful management to avoid complexity and
conflicts

AUTONOMY

:

FLEXIBILITY EFFICIENCY
]
S
ad &b S &b
Sod 548 488 Sah Iﬁl&lﬁ INNOVATION ENGAGEMEN

T

Flexibility: Combines centralized governance and strategy with departmental
autonomy for implementation

Resource Sharing: Allows for efficient allocation of Al resources and
expertise where they’re most needed

Best Practices: Allows for innovation and facilitate transformation. Benefits of
being close to the market/customer includes cross-market and business
empowerment

Customer-centric: Enables the genuine promotions of a customer-focused
business and generation of external value

Complex Coordination: Requires intricate management to ensure cohesive
functioning, efficient resource allocation and avoid conflicts between
centralized and decentralized teams.

Mixed Signals: Can lead to confusion over authority and decision-making,
with potential for duplicated efforts or conflicting priorities. Requires a clear
definition and understanding of governance and responsibilities.

PROPRIFTARY AND CONFIDENTIAI All RIGHTS RFQFRVFD



Organizational Structure Archetype
1. Centralized Al Team

AUTONOMY

FLEXIBILITY EFFICIENCY

e Centralized
Decentralized

INNOVATION ENGAGEMENT
Hybrid

SpencerStuart

Excel in efficiency and expertise
concentration but lead to bottlenecks
and knowledge siloing

+

Efficiency: A single, dedicated team can streamline Al project development and
deployment across the organization. Often seen as good option to drive excellence
for mature capabilities (i.e., FF effectiveness, market excellence, operational
improvement)

Expertise Concentration: Pools top talent, fostering specialized skills and deep Al
expertise. Location of Centers of Excellence aligns with talent availability

Standardization: Ensures consistency in Al practices, facilitation of access and
sharing of data and technologies across different departments.

Strategy: Aids the efforts of BUs by offering synergies and advantages of scaling
according to a strategic roadmap

Bottlenecks: Typically found in businesses that possess advanced skills and
support a large number of users with shared tools. Tends to be overwhelmed with
requests from various BUs, leading to delays and limited accessibility

Knowledge Siloing: Tends to isolate Al knowledge within the team, reducing
broader organizational learning. May result in detachment from market trends.

Autonomy: Lack decision-making power and does not manage a new BU or
responsibility for P&L

/ BBVA a:u:igyf;::;ica@ Maorgan Slanley Capﬁv;jari

Commomenatth o
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Organizational Structure Archetype
2. Decentralized Al Team

AUTONOMY

FLEXIBILITY EFFICIENCY

Centralized

e Decentralized

INNOVATION ENGAGEMENT
Hybrid

SpencerStuart

aae” /3

Offer innovation and autonomy i an

but can suffer from inconsistency I pode | .o

and resource duplication N\, &a&
ot A&

Sid gag  B&E

+ Autonomy: Departments have their own Al teams, allowing for tailored solutions
and responsiveness to specific needs.

+ Innovation: Can lead to a variety of approaches as each team experiments with
different Al technologies and methods. Data teams respond quickly to business
leaders. More popular structure for tech-first businesses with deep analytics
capabilities

+ Engagement: The team often has developed naturally and direct involvement can
increase buy-in and interest in Al throughout the organization.

- Inconsistency: Varied levels of competence and approaches across teams can
lead to disparities in Al project success.

- Resource Duplication: Departments may unnecessarily duplicate tools, platforms,
and talent.

- Isolation: Solutions developed often lack transferability and applicability across the

organization. Result in a lack of priority alignment and no ownership of corporate
agenda.

ebay

(C
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Organizational Structure Archetype

AUTONOMY

FLEXIBILITY EFFICIENCY

Centralized

Decentralized

INNOVATION ENGAGEMENT

Hybrid

SpencerStuart

Aim to balance the benefits of
centralized and decentralized &3‘5
structures but require careful B

management to avoid complexity a2 a2z a2 sz as
and conflicts BoE bbb B&E Bo6 bAS

+ Flexibility: Combines centralized governance and strategy with departmental
autonomy for implementation.

+ Balance: Strikes a balance between organizational standards and innovation.

+ Resource Sharing: Allows for efficient allocation of Al resources and expertise
where they’re most needed.

+ Best Practices: Allows for innovation and facilitate transformation. Benefits of being
close to the market/customer includes cross-market and business empowerment

+ Customer-centric: Enables the genuine promotions of a customer-focused
business and generation of external value.

- Complex Coordination: Requires intricate management to ensure cohesive
functioning and avoid conflicts between centralized and decentralized teams.

- Mixed Signals: Can lead to confusion over authority and decision-making, with
potential for duplicated efforts or conflicting priorities. Requires a clear definition and
understanding of governance and responsibilities.

- Resource Competition: Departments may vie for attention and resources from the
centralized part of the hybrid team.

L s i _
BDBS G ® O % wusaa EE i oo
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Data & Analytics Reporting Structures

Archetype 1

Direct report to CIO/CTO

CEO

CIO/CTO

Business Lines

Enterprise Functions
(Mktg., Finance, Etc.

Chief Data/Analytics Officer

Data Engineering

Governance &
Quality

Archetype 2

Direct report to CEO/Business

CEO

Chief Data/Analytics Officer

Analytics & Bl Data Science

SpencerStuart

Data Product

Data Engineering

Governance &
Quality

Analytics & BI

Data Science

PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.




Data & Analytics Reporting Structures

Archetype 3

Split Data Tech into CIO & Science /

CEO

Analytics into the Business

CIO/ICTO

Business Lines

Enterprise Functions (Ops,
Mktg, Finance, Etc.)

Chief Data/Analytics
Officer

Data
Engineering

Governance &
Quality

SpencerStuart

I_|

Head of Data Science &

Analytics

Archetype 4

Analytics

Data Science

Data Product

Direct report into a Key Function

CEO

(i.e. Commercial, Marketing, Strategy, Finance)

CIO/CTO

Business
Lines

Enterprise Functions (Mktg.,
Finance, Etc.)

Chief Data/Analytics

Officer

Data Product

Data
Engineering

Governance &
Quality

Analytics & BI

Data Science

PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.




Insights about reporting structures

Centralized Structure Partially-Federated Structure Completely-Federated Structure

The Chief Data Officer (CDO) operates under a single This structure balances centralized control with Data responsibilities are distributed across multiple
leadership hierarchy, ensuring strong oversight and decentralized expertise. While the CDO still business units, with the CDO supporting strategy
consistency in data and analytics efforts across the oversees data governance and engineering, other and governance rather than direct execution.
organization. This setup allows for streamlined roles like Heads of Data Science and Analytics have Different teams, such as Data Science, Engineering,
governance, data quality, and engineering. more direct engagement with business functions. and Analytics, report through separate leadership
However, some business units may require customized This setup enables standardization while allowing paths, fostering autonomy but potentially creating
solutions that this structure might not fully address. flexibility for specific department needs. challenges in maintaining consistency across the

organization.

CEO CEO CEO
| | l
[ | [ [ 1 [ I I |
; P i : : Enterprise Functions " ; ; Chief Enterprise
Chief Digital Business Enterprise Functions . Business President North President(s) - )
Officer Lines (HR, Finance, Etc. Clo/CTO (TR LA, [RITReE, Lines America International D'g_'tal Fl‘_'nCt'onS (HR,
Etc.) Officer Finance, Etc.)
| | I | |
I I . I.t | o | | | |
. igital ‘ ‘ ;
i IDALE Clo CISO Business Chief Data Business co  cTo Data
AEIIES OEET Trans Officer Lines Science
Chief Data Head(s) of Data Head(s) of
T T I I Officer Science/Al Analytics
Chief Data = A_Ilgned Enterprise Data Data Products &
Officer ATEVHEE G EE] Science Monetization
Lead(s) Data Governance &  Planning &
| Data Governance & Data/Analytics Strategy Quality Forecasting Data Data
| | Engineering Quality Product Engineering  Products
Governance & Data Cloud Anglyétllcs
Quality Engineering Transform
Source: Spencer Stuart & Return on Al research, 2021



Business/PO Design/Build Test/QA Operations é é é é é é

RAR KRR RRA KARAK

ARR RRA RAAR ARA AEATATATATA

RRR RRR KRR RRAR allallallallallf

RRR KRARAKR KRR RRA RIRIAIR AR

RARKR KRR RRA KARAK RIRIAIRIR| A
AR R A AR

Technology-Centric

Increasing shift from Technology-centric to Product-centric structure

Product-Centric (Business aligned)

Operational Effectiveness Change & Speedy Delivery

Strictly-defined roles

Self-organizing

Tower-based model Flat organization model

SpencerStuart
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Why should you hire CAIO and Where do they fit in the organization?

Data & Al have arrived at the core of the business,
transforming business models and industry set-ups.
CAIOs are no longer only essential for technology
businesses but for organizations of all types

similar individual in the role

of organizations are actively looking
% to hire one

(Data from Foundry )

SpencerStuart

of medium to large organizations have
I I already designated CAIO equivalent or
%

Structure 1 —direct report to CEO

Play a strategic and cross-functional role beyond tech

Collaborate with other key leaders to drive and leverage Al initiatives
Make strategic decisions about the company’s Al investments and
resource allocations

Enabled to have a significant impact on the strategic direction of the
company

Drive company-wide business growth and innovation

Ensure company’s ethical use and regulatory compliance of Al

Structure 2 — report to another top officer (COO/CMO/CTO/CIO etc)

Work in partnership with other business segments to develop and
integrate Al strategy

Play a central role in technology team and work closely with data
engineers , scientists and ML researchers

Integrate Al technology to the core of the business by democratizing
data analytics and Al and lead related initiatives

Ensure company’s ethical use and regulatory compliance of Al



CAIO is more than top technology leader with superior Al expertise
Roles & Responsibilities

ROLES RESPONSIBILITIES

- Business Impact | Align the company’s Al initiatives with its business
goals. Design and target relevant business use cases, assess project

Strategy B Thought Leadership

Responsible for developing

and integrating the company’s
overall Al strategy seamlessly
from design, development and
implementation of Al technologies

Transformation

Lead Al-driven process
modernization, ensuring ethical
and governance-focused Al
utilization. Foster an Al-first
culture

SpencerStuart

Be the opinion shaper and
spearhead successful Al
programs coupled with a visionary
approach to Al-driven
organizational transformation

Investment

Own financial authority for internal
Al investments and developing
external partnerships

outcomes and measure ROl in each case

Culture | Champion for smart Al adoption. To build an Al-first culture
by intriguing curiosity and innovation as well as promoting responsible
use of Al

Ethics & Governance | Recognize and balance Al benefits with risks.
To transform processes with Al while ensuring the ethics and
governance of its application for the organization

Collaboration | Work together with various business units to build Al
strategy and vision. Ensure all Al initiatives are future-proof and
adaptable to changing business environments

Communications | Demystifying Al for all stakeholders by translating
complex Al concepts into accessible and comprehensible insights

Leadership | Manage a team of cross-functional IT professionals,
Data scientists and engineers, ML engineers, Al Product leads, SW
engineers



Technology Leadership Spectrum
Where does Chief Al Officer sits in the spectrum?

Chief Al Officer

Chief Digital Officer

Chief Product Officer

Chief Technology Officer

Chief Information Officer

B » e | o | @ | &

IT/Infrastructure and Research and Engineering and

Applications Development Architecture Product Management Product Marketing Marketing Sales / Revenue

Internal /
Infrastructure

External
Sales/ Revenue

Chief Information Security Officer

Chief Data Analytics Officer

SpencerStuart



What does success look like?
Driving significant change and innovation through Al

LONG TERM

a

» Making impact towards the industry/sector equity » Position oneself and their organization as a

« Play a critical role in building the future of Al and its world-class Al leader

Impact on a greater scale + Create new business opportunities and lead

- Opportunity to influence the direction of the broader top & bottom-line growth

industry » Drive innovation and efficiency

® DiviDUAL L
< > COMPANY
A CAIO JL

* Become a versatile talent with abilities as both a - Drive Al adoption

technologist and a business strategist . _ .
. N . * Being a lighthouse (thought leader) in the
« Strengthen his/her position as a leader in the industry

tech industry N _
] ] S * Interpret and make use of exciting Al services
» Opportunity to influence the direction of the

company

A 4

SHORT TERM

Spencerstuart PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.



How to create an Al-powered company

_cuwe )
Technology Skills
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Identifying Blockers...

Company culture does not yet recognize needs for Al

Lack of data or data quality issues
Lack of skilled people/Difficulty hiring required roles
O Difficulties in identifying appropriate business use cases
Technical infrastructure challenges
. Legal concerns, risks or compliance issues
Struggle with Cultural Challenges - 4%
. Efficient tuning of hyperparameters
Over 90% of Fortune 1000 Senior B
Executivgs found cultu_re change_s Workflow Reproducability
were their biggest barriers to digital . 2%
transformation, relating to business NA _ y
0
processes, change management,
communication, people skill sets, and 0% 5% 10% 15% 20% 25%
resistance.

Al Adoption in the Enterprise: How Companies are Planning and Prioritizing Al Projects
by Ben Lorica and Paco Nathan

Spencerstuart Why Is It So Hard to Become a Data-POWERED Company? (hbr.org)


https://microsoft-my.sharepoint.com/personal/kimod_microsoft_com/Documents/FY19/Predictive%20Portfolio/FY20%20Library%20of%20Assets/AI%20Adoption%20in%20the%20Enterprise%202018%20survey%20by%20O'Reilly's.pdf
https://hbr.org/2021/02/why-is-it-so-hard-to-become-a-data-driven-company

Changing the Organization Culture

7

Clear business strategy SXCEEUEIVES = NORAREHI:
‘ » Business strategy defined as metrics and set with goals.
« Metrics and goals are broken down to granular/LoB levels.
Assigning accountability « Performance is evaluated based on metrics.
4 down the org
v
V'S

& metrics Line of Business: Bottom-Up:

» Feature teams come up with hypothesis on new metrics.

' Review technology adoption

» They experiment the ideas and validate with data.

Measure everything N
,." & experiment * Go/No-Go decisions are made based upon results.

Accelerate Application Delivery @ﬁ Democratize Access to Data & Al



Organization Culture key traits

@ © © o ©

EXECUTIVE EMPOWERMENT CULTURE OF COMMUNICATION TIME IS NOW
OWNERSHIP LEARNING




The Evolving Profile of Individuals in the CDO Role

As the nature of the role changes quite fundamentally,
clients find it helpful to understand the personal
behavioral orientation of both candidates and their
incumbent leaders.

Eight Primary Styles

* Horizontal: Attitude towards people, from independence to
interdependence.

« Vertical: Attitude towards change, from flexibility to stability.

Value

* Provides insight into how naturally a candidate will fit with the culture.

« ldentifies potential change agents for organizations undergoing a
transformation.

* Helps explain “derailers” in otherwise capable, high potential
executives.

SpencerStuart

INDEPENDENCE

FLEXIBILITY

LEARNING PURPOSE

“Modern”

ENJOYMENT CDO CARING
CULTURE
ALIGNMENT
FRAMEWORK
“Traditional” ORDER
CDO

Read more about the Spencer Stuart Culture
Alignment Framework in our January-February
2018 Harvard Business Review cover story, The
Leader’s Guide to Corporate Culture

IFONIANIdIAE3ILNI



Al Powered Companies — Culture Shift

TRADITIONAL HIERARCHIES

COMMAND AND CONTROL
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The new Augmented Intelligence powered by Al

How can we
make it happen?

Prescriptive
. Analytics
What will

happen?

Predictive
. Analytics
Why did
it happen?

Diagnostic '
Analytics o\
What \
happened?
Descriptive
Analytics <

oS\t \a

Traditional Bl | Advanced Analytics

DIFFICULTY
SpencerStuart
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The new Augmented Intelligence powered by Al

How can we
make it happen?

Prescriptive

What will Analyiie BOTTOM-LP

happen?

Predictive
Analytics

Hypothesis

Why did
it happen?

Observation

VALUE

Diagnostic
Analytics

Confirmation What

happened?

TRADITIONAL BI

Hypothesis

Descriptive
Analytics Pattern
aS
P:(\ON S\

Observation

ADVANCED BI

TOP-DOWN et

Traditional Bl | Advanced Analytics

DIFFICULTY

Spencerstuart PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED. 53



How can the right leader help you get to the next stage?

Al Maturity Model

Al conversations are occurring
but not strategically. No pilot
projects or experiments are
taking place.

Level 2
Active

Al is in proofs of concept and
possibly pilot projects. The
focus is on knowledge sharing
and standardization.

Level 3

Operational

At least one Al projectis in
production and best practices,
experts and technology are
available. Al has executive
sponsorship and dedicated
budget.

Level 4
Systemic

New digital projects at least
consider Al and it’s
embedded in new products
and services. Employees in
process and application
design understand Al.

Al-powered applications
interact across the
organization and business
ecosystem.

Level 5
Transformational

Al is now part of business DNA

(Model from Gartner)

SpencerStuart
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https://www.gartner.com/smarterwithgartner/the-cios-guide-to-artificial-intelligence
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Does Al (need to) have than humans?

Precision and Accuracy: Al is expected to perform tasks with a superhuman level of
precision and accuracy, such as minimizing or eliminating the risk of accidents in self-
driving cars, which is viewed as a higher ethical standard compared to humans (each year
1.35 million people are killed on roadways around the world).

Non-Bias: Unlike humans, Al systems are expected to be completely unbiased, which is
technically “challenging” due to the inherent biases present in the human-generated data
from which they learn.

Privacy: Al systems are held to rigorous standards regarding data privacy, requiring
transparent and consensual data collection, usage, and sharing practices, reflecting a
significant ethical concern due to Al's extensive tracking and analysis capabilities.

Accountability and Transparency: The ethical standards demand Al systems to be
explainable, addressing the "black box" problem and ensuring that their decision-making
processes can be understood and challenged by humans, highlighting a higher level of
transparency compared to human decision-making processes.

Intent and Responsibility: While Al lacks consciousness or intent, the responsibility for
any harmful or unethical outcomes falls on the humans who created, deployed, or
supervised it, showcasing a different facet of ethical standards applied to Al versus
humans.

Please find the entire article at:
https://www.linkedin.com/pulse/does-ai-have-higher-ethical-standard-than-humans-fabio-moioli

SpencerStuart



How to create an Al-powered company

Technology | Skills '
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Data & Analytics leaders typically come from one of three primary
backgrounds, but the best have expertise in more than one

Head of Data Science/ML: Head of Analytics/Insights:
Builds the advanced models Provides and applies
that enable complex data Mathematics meaningful business context to
products and solutions. complex analytical capabilities.

. C-level
C-level Data/Al Executive: Executive

Sets the enterprise strategy
for data/analytics and Al. .
Builds teams and capabilities, Product Business
unifies stakeholders and Engineers

establishes data asset
ownership for the enterprise.

Head of Data
Product/Engineering:
Translates strategic business
goals into data platforms,
products, and strategies.

Spencerstuart PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.



Navigating the Spectrum: From Engineering to Strategic

Data & Analytics Leadership Archetypes: Roles and Market Considerations

&

ENGINEERING

STRATEGIC E

»
»

o
<

Data Engineering

This leader ensures critical
data assets are captured,
stored, and made available
to end-users in line with the
creation of business value.

They must stay current with
rapidly evolving platforms
and tools

SpencerStuart

Data Science &
Machine-Learning Al

This role develops, trains,
and deploys models that
predict, optimize, test,

and action key decisions.

They must combine deep
technical skill-sets with
business knowledge
Capabilities must align with
business goals

Chief Data &
Analytics Officer

This leader champions
data and machine
intelligence as a critical
corporate asset. They drive
business transformation
across all domains.

This type of talent can be
harder to find due to the
combination of senior
executive leadership
skills and relevant
industry domain
expertise needed to
succeed.

Data Management &
Governance

This executive works with
stakeholders to define
data assets and establish
privacy, policy, and
quality standards for the
enterprise.

This talent pool is
becoming more technical
as modern approaches to
data management rely
more heavily on machine
learning tool.

Data Product

These leaders have a
commercial orientation
and a deep knowledge of
technical and analytical
techniques to develop a
product strategy for
monetizing assets.

They are often either deep
product people learning
data science or data
scientists with a commercial
orientation.

Business
Intelligence

This role integrates and
analyzes real-time data
from various sources for
forward-looking business
insights.

They can leverage data
science and A.l to inform
business decision
making, without
necessarily being a data
scientist themselves

PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED.



Sector Maturity in the Al Race

SpencerStuart

Future Al demand trajectory, % change in Al spending over next 3 years!

13

12 |

—t
ey

-t

N W s OO0 N 0 0 O

]

Falling behind

L. !
2 4

Leading sectors

Financial
@

Transportation
and logistics

Travel and @
tourism Healthcare
@ ®
@ Media and
Professional ~ Retail @ entertainment
services @ @

Education- @ Consumer

and packaged
goods

Building materials &
and construction

! L 1 | 1 | | |

10 12 14 16 18 20 22 24

services

High tech and
communications

Energy and
resources

® o
Automotive
and assembly

1 | L J
26 28 30 32

Current Al adoption, % of companies?

'Estimated average, weighted by company size; demand trajectory based on midpoint of range selected by
survey respondent.

2Adopting 1 or more Al technologies at scale or in business core; weighted by company size.

Source: McKinsey Global Institute Al adoption and use survey; McKinsey Global Institute analysis
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Top performers will be Al-enabled workers
Harvard Business School Technology & Operations Mgt, 18 Sep 2023

Boston Consulting Group (BCG), one of the most prestigious 08
consulting firms, is testing the impacts on Al on its employees: p
consultants using GPT-4 finished 12.2% more tasks, completed tasks
25.1% more quickly, and produced 40% higher quality results.

06

05
In our study conducted with Boston Consulting Group, a global management consulting firm, we examine
the performance implications of Al on realistic, complex, and knowledge-intensive tasks. The pre-registered
experiment involved 758 consultants comprising about 7% of the individual contributor-level consultants at
the company. After establishing a performance baseline on a similar task, subjects were randomly assigned 03
to one of three conditions: no Al access, GPT-4 Al access, or GPT-4 Al access with a prompt engineering Did not Used Al
overview. We suggest that the capabilities of Al create a “jagged technological frontier” where some tasks 02 use Al
are easily done by Al, while others, though seemingly similar in difficulty level, are outside the current
capability of Al. For each one of a set of 18 realistic consulting tasks within the frontier of Al capabilities, 01
consultants using Al were significantly more productive (they completed 12.2% more tasks on average, and
completed task 25.1% more quickly), and produced significantly higher quality results (more than 40% 00
higher quality compared to a control group). Consultants across the skills distribution benefited significantly
from having Al augmentation, with those below the average performance threshold increasing by 43% and
those above increasing by 17% compared to their own scores. For a task selected to be outside the frontier,
however, consultants using Al were 19 percentage points less likely to produce correct solutions compared
to those without Al. Further, our analysis shows the emergence of two distinctive patterns of successful Al the tasks. The blue group did not use Al
use by humans along a spectrum of human-Al integration. One set of consultants acted as “Centaurs,” like
the mythical halfhorse/half-human creature, dividing and delegating their solution-creation activities to the Al
or to themselves. Another set of consultants acted more like “Cyborgs,” completely integrating their task flow group got some wdditional training on
with the Al and continually interacting with the technology.

04

Density

2 | 4 5 b !
Quality

\ ) RpAL { ¢ 2 1
Distribution of output ‘!U‘[I‘w.. ACTOSS all

the green and red groups used Al, the red

10W to use Al
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Comparing Physician and Artificial Intelligence Chatbot
Responses to Patient Questions

Figure. Distribution of Average Quality and Empathy Ratings for Chatbot and Physician Responses to Patient Questions

’?’ Empathy ratings

[ﬂ Quality ratings
Chatbot

Physicians \

> '|| > Physicians Chatbot \/\
g ' g J \
Q @ /\_/
(= o

Very Poor Acceptable Good Very Not Slightly Moderately Empathetic Very

poor good empathetic empathetic empathetic empathetic

Response options Response options
https://erictopol.substack.com/p/when-patient-questions-are-answered

PROPRIETARY AND CONFIDENTIAL. ALL RIGHTS RESERVED
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Only humans

understand
cause and effect

SpencerStuart

WE FOUND THIS CORRELATION
IN THE DATA. EVERYONE
TAKE A RAZOR.

® Mmarketoonist.com
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The Future of Work: Two Challenges “NEVER” faced above

Time

The PASSING of the HORSE

W

sifent horse power of this ranabout s measur-

R fependable and spontaneous.. The horse
power generated by supplies of bay and oats is variable,
uncertain aml irresponsive.

There is “Noltlting £0 waleh bul the road”" when vou drive

The Oldsmobile

The best thing on wheels®
here—Doctors, Lawy

s and Merchants

¢ for business
PUIPUSCS. Lad 3 vy understand its
mechanism,  Unvarving reliability proves it is
built to run aud does if,

Price 565000

Selling agencies are established in all
the larger cities, where vouwill be
sladly accorded the privitege of
trying the ORlsmobile on the
road. Write for illusteated
ook to Dept. G.

0lds Motor Works

OFFICES, Detroit, Mich.
FACTORIES —~Dotrolt and
Lansing

You see¢ them ever

can red

SpencerStuart

Space
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The Indispensable Role of Management in
the Al Era

As organizations continue to
evolve, the focus should not be
on removing layers but on
optimizing the collaborative
potential between humans and
machines. 29%

Flexibility 27%
The abilities of strong leaders Emotional
and managers to interpret, intelligence
adapt, and execute will not only
remain relevant but will become

the cornerstone skills for 30%
corporate success. Analytical 24%
judgment Creative

As Al evolves, understanding evaluation
the needs and motivations of
both employees and customers
will be irI?e >I/aceable 23% 22%

P : Intellectual Bias detection

curiosity and handling
21%
Al delegation
(prompts)

SpencerStuart

https://www.forbes.com/sites/forbestechcouncil/2023/09/22/the-indispensable-role-of-middle-management-in-the-ai-era



Comparing Compensation of Artificial Intelligence Talent

Walmart gm Capl'fa/'()ne’ ‘
SAMSUNG ¥ CVSHealth.

HALLIBURTON — tS N
° Hewlett Packard I 'I I'
L Way I aAlll  Enterprise y

RATEHPILLAH@ @ redd" [ | l I ' ] I I l 1 amazon
CISCO == o™ 0
(I Bristol Myers Squibt”  sTE L L/\N TIS T= J I n te I o
Compensation Range
$1.5M $2M $2.5M $3M $3.5M $4M+

Companies with technology at the center of their business pay more for top Al talent.
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Comparing Compensation of Chief Data Officers

— - P
gm| ¥CVSHedlth Cap’i,a/,()ne7 '
CHASE © |

' fwlett Packard .
SAMSUNG @ Enterprise . Etsy N m Metq
c COLGATE-PALMOLIVE — \""
P y/ = I(l"\cg;er sewayfair amazon

AIN & COMPANY (&) "\
® reddit Blevep+ J @

Compensation Range

$1.5M $2M $2.5M $3M $3.5M $4M+

Companies with technology at the center of their business pay more for top data talent.
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Where we find impactful Data & Analytics Leaders

Data/Analytics
Services

‘ RadHat
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— O HORTONWORKS'
9 )
0z CLOUDZRA
splunk> @@
Mu Sigma
OoORACLE
% teradata.
C_*E 8 =. MMicrosoft
== -
29 T===
°Z =t
§sas _
Q Palantir
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Technology & Media

Google

Z Verisk
hulu

niclsen

NETFLIX

ORACLE

Consumer & Retail Travel & Hospitality

amazon

vj_ cb \' aExpedia'
STITCH FIX U B E R
o A Y A K
(w:ls.ps & airbnb
Walmart ,\\aﬁlott

N D R D STRDM jEtBlue HOIELS RESOITS SLATES
*
% TARGET f
HYATLT "/ﬁ}
;‘ >

sears starwood

Resarts

Financial Services

Betterment

PROSPERP
0 P pPayPal

oscar

JPMORGAN

CHASE &Co,
%
EXPRESS

BBVA

BLACKROCK
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Who Makes a Successful CAIO?

TRAITS

Passionate _about .
leveraging Al

L

Drive Innovation & . -@
Efficiency =

Influential *+=—— (&)

l

|
Collaborative +— -(e)-

I

Adaptable +— t‘;}

Forward Thinking <*+— @

SpencerStuart

Chief Artificial

SKILLS

Intelligence Officer

©-»-b'9 B
l

Al Understanding

Business Impact &
Acumen

Communication Skills

Leadership Skills

Ethical & Legal
Knowledge

Strategy & Vision



How to create an Al-powered company

Technology Skills

SpencerStuart Ry D CowENTAL AL RIGHTS RESERVED.




How to create an
Al-powered company
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How to create an
Al-powered company
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